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SUMMARY In-phase and quadrature-phase imbalance (IQI) at
transceivers is one of the serious hardware impairments degrading system
performance. In this paper, we study the overall performance of massive
multi-user multi-input multi-output (MU-MIMO) systems with IQI at both
the base station (BS) and user equipments (UEs), including the estimation of
channel state information, required at the BS for the precoding design. We
also adopt a widely-linear precoding based on the real-valued channel model
to make better use of the image components of the received signal created
by IQI. Of particular importance, we propose estimators of the real-valued
channel and derive the closed-form expression of the achievable downlink
rate. Both the analytical and simulation results show that IQI at the UEs
limits the dowlink rate to finite ceilings even when an infinite number of
BS antennas is available, and the results also prove that the widely-linear
precoding based on the proposed channel estimation method can improve
the overall performance of massive MU-MIMO systems with IQI.

key words: massive MIMO, in-phase and quadrature-phase imbalance
(IQI), achievable rate, channel estimation

1. Introduction

Massive multi-input multi-output (MIMO) systems can
achieve high spectral and energy efficiency [1], [2], and sim-
ple linear precoding approaches such as zero-forcing (ZF)
precoding and matched-filter (MF) precoding are available
[2]-[4]. It is a promising technique for future wireless com-
munication systems [5], [6]. The success of massive MIMO
systems relies heavily on the availability of low-cost and
power-efficient hardware, due to the very large array dimen-
sions at the base station (BS). However, the low-cost radio
frequency (RF) components cause more serious hardware
impairments than the conventional circuits of RF chains.
Thus, the hardware impairments at transceivers should be
taken into consideration when behaviors of massive MIMO
systems are investigated.

Recently, massive MIMO systems with hardware im-
pairments have been studied in many works [7]-[9]. These

Manuscript received September 1, 2018.
Manuscript revised December 18, 2018.
Manuscript publicized February 20, 2019.

TThe authors are with the Dept. of Electronic and Information
Science, University of Science and Technology of China, Hefei,
Anhui, China.

T The author is with the Dept. of Computer and Network Engi-
neering, University of Electro-Communications, Tokyo, 182-8585
Japan.

*This work is supported by National Science and Technology
Major Project of China MIIT (Grant No. 2018ZX03001001-003)
and National Natural Science Foundation of China (Grant No.
61571412).

a) E-mail: shtang@uec.ac.jp

DOI: 10.1587/transcom.2018TTP0001

works use additive or multiplicative stochastic models to
characterize hardware impairments, and show that the exis-
tence of hardware impairments limits the channel estimation
accuracy, the achievable rate of the system, and so on. Direct-
conversion has been a major scheme to achieve simplified and
low-cost transceiver design [10]. In-phase and quadrature-
phase imbalance (IQI) caused by the limited accuracy of
analog hardware as well as temperature variation and aging,
is one important factor of hardware impairments closely as-
sociated with direct-conversion. Previous works have proved
that IQI leads to performance degradation, since it twists the
modulation constellations directly [11]. Consequently, user
experience is deteriorated due to IQI [12].

To design a precoding matrix, channel state informa-
tion is required at the BS. Most massive MIMO systems
use the time-division duplex (TDD) mode and acquire the
channel state information in the uplink. For the uplink of
massive MIMO systems with IQI, some methods to estimate
the uplink equivalent channel, and to eliminate IQI influence
have been proposed [12]-[15]. A pilot-based joint estima-
tor of the channel and a low-complexity IQI compensation
scheme based on IQI coefficients estimation were proposed
in [13]. The RF-aware digital beamforming method devel-
oped in [12], named the widely-linear minimum variance
distortionless response beamformer, can provide efficient
beamsteering and interference suppression. The low res-
olution problem is considered in [14], and it is assumed that
a high precision IQI detector is adopted at the BS and that
IQI parameters of the circuits of the transmitter (TX) and
receiver (RX) are the same. In [12]-[14], only the IQI at the
BS is considered. Behaviors of the achievable rate for uplink
MU-MIMO system with IQI at both the BS and user equip-
ments (UEs) were investigated in [15], which proposed an
IQI aware widely-linear channel estimation and data detec-
tion scheme, while taking mirror signals as an interference
for a complex model. It reveals that in the uplink the IQI at
the UEs has more serious impact than the IQI at the BS.

However, IQI leads to mismatch between the uplink and
downlink channels. More attention needs to be paid to the
impact of IQI on the downlink of massive MIMO, which is
affected by TX IQI at the BS and RX IQI at the UEs, as well
as TX IQI at the UEs and RX IQI at the BS. The downlink
of the massive MIMO systems with IQI was investigated in
[16]-[20]. The effective channel estimation and the sum rate
analysis for the downlink were developed in [16], [17], which
treat the image signal (i.e., the conjugate of the original sig-
nal for single carrier systems) as interference. Actually, the
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image signal still contains the transmitted information. 1QI
only at the BS is studied in [18], where an IQI-aware widely-
linear regularized ZF precoding method was proposed to
reduce the impact of IQI. A compensation scheme of chan-
nel reciprocity was proposed in [19], and some widely-linear
precoding methods were proposed for massive MU-MIMO
systems with IQI in [20], assuming perfect channel informa-
tion of the downlink. The channel estimation is affected by
IQI, and the estimation of the downlink equivalent channel
is hard and very costly due to the channel mismatch between
the uplink and the downlink. However, the downlink of mas-
sive MIMO systems with IQI at both the BS and UEs has
not been well investigated yet.

Motivated by aforementioned discussion, we focus on
the downlink of massive MIMO systems with IQI at both
the BS and UEs, and we adopt the widely-linear precoding
method as it makes good use of image signals. The main
contributions of this paper are summarized as follows:

* We investigate the impact of IQI on the estimation of
the uplink real-valued equivalent channel with the least
squares (LS) criterion. We adopt training sequences
with a length that is twice the number of users, which
can achieve a similar performance as in the hardware
without IQI [17].

* We propose a joint estimation method for the wireless
channel and IQI parameters to eliminate the impact of
the TX IQI at the UEs and RX IQI at the BS in the
uplink. The wireless channel and the parameters of RX
1QI at the BS and TX IQI at the UEs are estimated in
the proposed algorithm.

* We evaluate the achievable rate of the downlink system
with widely-linear precoding including the estimated
channel when IQI exists. Results show that IQI at the
UEs limits the rate to a finite ceiling even when a large
number of BS antennas is available. Results also reveal
that the precoding based on the proposed channel esti-
mation methods can improve the system performance.
Moreover, for IQI at the BS, the performance is more
sensitive to the amplitude imbalance, and for IQI at the
UEs, the performance is more sensitive to the phase
imbalance.

The remaining part of this paper is organized as fol-
lows. The augmented real-valued system model is presented
in Sect.2. Section 3 provides the uplink equivalent chan-
nel estimation and the joint estimation of wireless channel
and IQI parameters. Section 4 derives the large-number-
approximation expression of the achievable rate of systems
with IQI at TX and RX. Simulations results are shown in
Sect. 5, and finally Sect. 6 concludes this paper.

Notation: Let the superscripts ()", O, OL 1 g
denote the conjugate, transpose, inverse and Frobenius norm
of a matrix, respectively. Let [A]s,., [A].; and [A],,; denote
the sth row, the /th column and the element on the sth row
and the /th column of the matrix A, respectively. Iy and
0Oy denote the N X N identity matrix and zero matrix, re-
spectively, and Iy is a 2N by 2N block diagonal matrix
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in which the diagonal blocks are respectively Iy and —Iy.
diag(a) returns a diagonal matrix with elements of the vector
a as the diagonal elements. tr(-) and E{-} stand for the trace
and expectation operators, respectively. A complex Gaus-
sian stochastic vector x is denoted as x~CN (6,X), and a real
Gaussian stochastic vector x is denoted x ~ N (6, X), where
6 and X are the the mean vector and the covariance matrix
of vector x, respectively.

2. System Model

Consider a single cell large-scale antenna systems with M
single-antenna users and one base station equipped with N
antennas, N > M. We assume that the system operates
in the TDD mode, and the channel state information is ac-
quired via uplink training sequences at the BS. Here we
consider a single-carrier system, and we believe that the
multi-carrier transmission, such as OFDM, can be analyzed
similarly, which will be left as future work due to the limited
space of the article.

The transmitted and received signals with IQI are gener-
ally expressed based on the primary signal and its conjugate
(i.e., image signal) [17], [20]. In order to make the best use
of the image component caused by IQI of the received signal,
some augmented signal models have been represented in the
related works [12], [20], [21]. Referring to these models,
we reformulate the real-valued signal model for the received
signal by separating it into signals’ real and imaginary parts.
For the sake of analysis simplicity, we present the signal
model based on the equivalent channel matrices.

Firstly, the complex to real (C-R) mapping functions
are given below

R(ac)
[ J(a.) ]

= = ey

9{(Ac) _S(Ac)
[S(Ac) RA) |

where a € R?™ and A € R2M?M gare the functions with
respect to vector a. € CV*! and matrix A, € CV*M | re-
spectively.

We assume the channel independence among different
antennas, and adopt a Rayleigh fading channel model. Let
h.,, € CV*! denote the complex channel response vector of
the wireless propagation channel from the mth UE to the BS,
whose entries are independent and identically distributed
(i.i.d) random variables and follow CN(0,1). Let H, =
[h 1, -, he a] denote the channel matrix between the BS
and UEs. Note that H. only describe the wireless channel,
while the equivalent channel contains the wireless channel
and the transceiver RF channels.

In the downlink, let d. ,,, denote the symbol transmitted
from the BS to the mth user, where d. ,,, for 1 < m < M are
i.i.d random variables following CN (0, %), and let d,. =
[dy,---,dyu]" € CMX! denote the symbol vector transmitted
by BS. The BS applies a precoding technique to d to yield
x = Wd € R?M¥I where W € R?M*2M g the precoding
matrix and d € R?™*1 is the C-R mapping of d...

Denoting the C-R mapping of H, as H € R?N*?M the
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vector yp € R*?M*! of real-valued received signals of all UEs

in the downlink can be written as

yp = Kp Ly H LyKp, x + Kp, vp, )

HD,cq

where Hp ¢q € RZMXZN denotes the equivalent channel of the
downlink, which contains the RF channel at the transmitter,
the wireless channel and the RF channel at the receiver. Ty,
and I, are applied to ensure the transposition relationship
of the complex wireless channels between the downlink and
uplink. Here vp ~ N (0, %212M) represents the real additive
white Gaussian noise of 2M branches at all UEs, and Kp ;- €
R2M>X2M Ky € R2N*2N stand for matrices of the RX IQI
at the UEs and the TX IQI at the BS, which are defined as

1 2 1 2
K _ KDJ KD,t _ KD,r KD,r (3)
Py, Kb, TR, K,

In (3), Kf)t e RVXN and Kf)r e RM*M i = 1.2 3.4 are
diagonal matrices, and their entries are given by

[Kllg,t]nn =(1+epy) cos(QEi/z)/m’
(K2, Jun = (15 sin(@23/2)/ 1+ (€552,

(K}, Jun = (1+€05) sin(efﬁ/z)/m’ @
(K Jun = (185 cos(623/2)/y[1+ (852,

and
(KL Joun = (1+€5, ) cos(0LE, /2)/ /(1 + (€15, )2,
[KzD,r]mmz(l'FE},{Em)Sin(egEm/2)/\/m’ .

(K3, L = (1= €5,) sin(615, /2) /[ (1+ ()2,
(K}, Toum = (1= €5, cos (0, /2) /] (1+ (5,2

The IQI model above is symmetric, and 1/4/1 + €2 is ap-

plied to ensure that the signal power is same with the ideal
branches case. Here €}, 675, represent the amplitude and
the phase imbalance of RX RF chain at the mth UE, and €75,
022 denote the amplitude and the phase imbalance of the nth
TX RF chain at the BS. In the ideal branches case where
no IQI exists at the BS and UEs, parameters of amplitude
and phase imbalance are equal to 0, i.e. Kp,; = I,y and
Kp,, = L.

In the uplink, let s, = [s1,---,sp]7 € CM*! denote
the transmitted data symbols of M UEs, and assume that each
UE has the same transmit power Pyg, i.e. E{|si|2} = Pyug.
Denoting the C-R mapping of s, as s € R**!  the real-
valued received signal yy € R>M*! in the uplink can be
expressed as

yu = Ky, HKy; s + Ky vy, (6)
~————

HU,eq
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where Hyeq € R2MNX2M (denotes the uplink equivalent chan-

nel, and vy ~ N (0, ”72[2 ~) represents the real additive white
Gaussian noise of all branches at the BS. Here €85, 685 and

r,n’ Yr,n

e’B HII’JE represent parameters of the RX IQI at the BS and

t,m’ m :
the TX IQI at the UEs, respectively. Similar to (3), Kbr
and K{J Pl = 1,2,3,4 are the block matrices of Ky, and
Ku,;, which have the same forms as (4) and (5), except that

BS BS UE »UE ; UE nUE BS pBS
€ Orp and €., 07 substitute €, ., 0, and €5, 07, re

spectively.

Remark: By splitting each complex channel into I and
Q real channels, the real-valued model can be treated as
2M x 2N I1QI-related MIMO. In the real-valued model, re-
ceivers can extract the transmit information from the image
signal, which is treated as interference in the complex-value
model. Using the image signal will help us to improve the
performance of massive MIMO systems.

3. Channel Estimation

The uplink equivalent channel state information acquired by
the BS is used to design precoding matrices for the down-
link transmission. In this section, we provide an equivalent
channel estimation scheme with the LS criterion. At first,
IQI compensation is not considered. In order to mitigate
the effect of the TX and RX IQI in the uplink, we further
propose a joint estimation method for the wireless channel
and IQI parameters.

Let Spc € CM*T denote the matrix of training se-
quences, where 7 is the length of the training sequences
for each user. With Sy = [R(ST )  I(ST )7, the real-

tr,c tr,c
valued received signal Yy, € R?V*™ for training sequences
is written as

YU,tr = HU,eqStr + I(U,rVU,m (7)

where Vy € R2Nx7 represents the noise matrix, whose
2
entries follow the distribution N (0, 5-).

3.1 Equivalent Channel Estimation

In this subsection, we assume that the TX and RX IQI is un-
known. We derive the equivalent channel estimation method
with the aid of training sequences and assume that 7 > 2M,
since 2M equivalent channels need to be estimated. The LS
estimation of equivalent channel Hy ¢4 is expressed as

Hueq = Yu,uSE (SeSH) . (10)

The mean squared error (MSE) of the channel estimation
results is given by

MSEH,, = E{llAcll7} = tr(B{AL Acq))
=tr ((SuS)) ' SeEIV{, K, Ku, VuuelSL (SeSH ™)
(11)

A

where Acq Hy,eq — Hy,eq denotes the estimation error
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N N N .
A 2 N (1 7 H H +[H '+ m[H "
1+E},Irfrll ~ anl([HU,Cq]i,m‘i'[HU,eq]i',m) n éUE ~ nZ::l([ U,eq]n,m[ U,eq]n,m [ U,eq]n,m[ U,eq]n,m)
~UE | ~ vN ([ R ’ tm = (8
1= | SN (Ayegl?,, +Aueql?, ) N N ®)
Zl([ U,eq]n,m+[HU,eq]nr,m) Zl([HU,eq]n’mr+[HU,eq]nz’mr)
n= n=
M . . N
A 2 M y '] H H ' m+[H [H '
1+E]r3,§1 ~ Zmzl[HU,eq]%z,m"'[HU,eq]i’ml i éBs ~ mZzl[ U,eq]n,m[ U,eq]n,m [ U,eq]n,m[ U,eq]n,m
. - N A k] N/ 9
1_5}’3,% Z%=1[HU,eq]i/’m‘{‘[HU,eq]i/,m/ o M A ) A 2 M A 5 N 5 ( )
2 ([HU,eq]n,m"'[HU,eq]n’m/) Z ([HU,eq]n/,m+[HU,eq]nr’m/)
m=1 m=1
matrix. 1+ ek J [(Huy,eqlm + [HU,eq]if,m
_(E T 2 2
Proposition 1: In a special case where Sy, € CM*7 sat- 1 —€m [(Hu,eql;, e + [(Hueqly

isfies Su.cSH. = Pugly, SucSL. = 0, when N — oo, the
average estimation error approaches the one of the ideal
branches case, whose variance results in
2
2 o

Teq= 5—

= . 12
Pos 12)

Proof 1: See Appendix B.1.

Remark: In our proposed estimator, it is assumed that
the length of training sequences satisfies 7 > 2M in or-
der to distinguish 2M equivalent channels. In contrast, in
the complex-valued system model, the real-valued training
sequences with 7 = M is appropriate for the channel estima-
tion. Since complex-valued training sequences with 7 = M
can be extended to 2M X 2M dimensions, training sequences
with length M can be applied for the estimation of real-valued
channels which needs further study. Due to the limited arti-
cle space, designs of optimal training sequences will be left
for future work.

3.2 Wireless Channel and IQI Parameters Estimation

As mentioned above, parameters of the TX and RX 1QI at
the UEs and the TX and RX IQI at the BS are independent.
Intuitively, elimination of the TX and RX IQI in the uplink
can improve the system performance. Thus, we develop a
joint estimator for the wireless channel and the parameters of
the TX at the UEs and RX at the BS, based on the estimated
equivalent channel in Sect. 3.1. Then, the estimation of the
wireless channel is used in the precoding design for the
downlink transmission.

3.2.1 With IQI at the UEs only

Assume that the perfect equivalent channel is available at the
BS. When IQI only exists at the UEs, we can easily obtain
the expressions of the IQI parameters from the expression of
the equivalent channel in (2) as

. UE _ [HU,eq]n,m[HU,eq]n,m""[HU,eq]n’,m[HU,eq]n’,m'
sind ;= ,

UGB Hu g2 X Hu e, HHU el 0

where (n, n) stands for the index pairs of the I and Q branches
at an RF chain, and »n’ is defined as

2

and the operator "’ can be applied to other index, such as m.

When the estimated equivalent channel is applied at the
BS, referring to the expressions of parameters of TX IQI at
the UEs above, the estimation for IQI parameters from the
estimated equivalent channel in the uplink can be given in

(8).

n+ N, 1<n<N,

(13)
n—N, N+1<n<2N,

When the parameter of IQI at the UEs are estimated,
the wireless channel can be acquired by IQI compensation,
which is expressed as

P \
H = Hy Ky,

where Ky, is obtained by substituting (e;E.6/%) with
(e%. 0% ) inKy,.

3.2.2  With IQI at the BS only

Similarly, when IQI only exists at the BS, based on the
expression of the equivalent channel in (2), the estimation
for IQI parameters based on the estimated equivalent channel
can be written as (9). Since the number of users is limited
and much smaller than that of BS antennas, the estimation
error of IQI parameters is closely related to the estimation
error of the equivalent channel.

The wireless channel can be acquired from the esti-
mated IQI parameters as

N PN
H= KUJHU,eq,

BS

r,n>

where IA(U,, is obtained by substituting (e
(€55,05)) in Ky,

r,n’

655,) with
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Algorithm 1 : Wireless Channel and IQI Parameters Esti-
mation
Input: A
Estimation results of the uplink equivalent channel Hy, eq as shown in
(10), and a given threshold 0'3.

Output:
iy Al
Estimation of the wireless channel as H = H{; (;l I)Kg tl) .
S L (VNS -
AT = Ay e, i= 1.

2: while 0%(i) > 02 do
3: Compensation for TX IQI at the UEs: From (8), BS estimates
{E}f];:n 0}{51, }rl\r:l:l based on I:IG”(;:), and gets the estimation ma-
trix Kg )r. Then, BS acquires the equivalent channel after TX IQI
N N iyl
compensation as H{J’felq) = HU,qu&), .
4: Compensation for RX IQI at the BS: From (9), BS estimates

UE gUE N yts (i) s .
{€ 0> 0> 1, based on HU,eq’ and gets the estimation matrix

Kg )r. Then, BS acquires the equivalent channel after RX IQI com-
cati (g H
pensation as HU, o= KU,r Huy,eq-
A OG0 2
5:  Error Calculation: o-2(i) = %
6: end while

Ji=i+1.

3.2.3 With IQI at Both the BS and UEs

When IQI exists at both the BS and UEs, we estimate pa-
rameters of the TX IQI at the UEs and RX IQI at the BS
iteratively, and then obtain the wireless channel state in-
formation. The wireless channel can be acquired from the
estimated IQI parameters as

H = Ky, Hy Ky
The processing procedure is shown in Algorithm 1. Here the
first step of the algorithm is estimating the parameters of TX
1QI, instead of RX IQI, because the parameters estimation
of IQI at the UEs is more accurate than that of IQI at the BS,
since the number of BS antennas is much larger than that of
users. Note that the average squared error of the 2M X 2N
elements between neighboring iterations is calculated as the
termination condition of the algorithm.

When the transmission power of training sequences
goes to infinity, we can obtain that crgq — 0. Then, espe-

cially when N — oo, IA(UJ — Kuy,;. Further, we can get that
IA(UJ — Ky, after the compensation of TX IQI at the UEs.
The estimation of IQI parameters will be more accurate with
more iteration times. However, the computational cost in-
creases with the iteration times. There is a tradeoff between
the computational cost and the estimation accuracy. From
simulation results in Sect. 5, we find out that one iteration
can provide an acceptable accuracy of the estimated wireless
channel.

The variance of the estimation error of the wireless
channel is expressed as

o = E{A-H|I7). (14)

Since the estimation of the wireless channel is corresponding
to a number of coefficients, such as four coefficients of IQI

IEICE TRANS. COMMUN,, VOL.E102-B, NO.8 AUGUST 2019

and estimation error of the uplink equivalent channel, the
analytical results of the estimation error is too complicated to
be obtained, which will be evaluated by numerical simulation
in Sect. 5.

4. Achievable Downlink Rate Analysis

In this section, we investigate the achievable rate of the down-
link for the systems with IQI. To facilitate the analysis, the
approximation of the average rate is derived with ZF precod-
ing techniques. More precisely, we obtain the asymptotic
expression for the extreme case where N — oo or Pgg — 0.
The transmit precoding matrices for the downlink are de-
signed based on the estimated equivalent channel and esti-
mated wireless channel from the uplink as shown in Sect. 3.
The average rate for a single cell is given by

1 2M 1

where the expectation is taken with respect to the wireless
propagation channel, and SINR,, represents the received
signal-to-interference-plus-noise rate (SINR) for the mth
branch. Here we treat each I or Q branch at all UEs as a
link, and the real-valued model of the received signal is ap-
plied. Thus, the expression of achievable rate in (15) has 2M
SINR and a factor %

4.1 Precoder Based on Uplink Equivalent Channel

Based on the estimated equivalent channel I:IQeq in Sect. 3.1,
the precoding matrix W for the downlink is expressed as

W= IBeinNﬁU,eq (ﬁ{j,eqﬁU,eq)_liZM’ (16)

where f.q is the power normalization factor which ensures
the transmit power constraint E{IIXII%} = E{IIdII%}, ie.,
tr(WW7T) = 2M. Thus, the normalization factor is given
by

2M
tr ((I:\I[Tj’eqﬁU,eq)_l ) .

ﬂeq =

Proposition 2: The BS transmits signal by applying the ZF
precoder based on the estimated uplink equivalent channel.
When N — oo, the normalization factor can be approximated
as

. Mtr(KngU,r)
lBeq:(N_M) T - 7 1 s (17)
Nt (KL Ky, +20%Tom) )
where ofq is the average estimation error of the equivalent
channel.

Proof 2: Refer to Appendix B.2.

With the precoding matrix W, the received signal at the
mth branch in the downlink can be written as
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2M
0 m=\Bea Gl [Beq Y [GlmidHKD, o v,

i=1,izm

(18)

where G = HD,einN ﬁU,eq (ﬁaeqﬁU’eq)flizM.

Notice that we assume the I and Q branches at the UEs
are detected independently. In (18), the first term is the
effective signal we want, the second term is the interfer-
ence for the mth branch from other branches which includes
two parts, the interference from branches of other UEs, i.e.
{d; )M and from the corresponding branch at the same

ti=1izmm’ )
UE, i.e. d,,y. The last term is the noise.

Proposition 3: When the ZF precoder with the estimated
equivalent channel is applied at the BS, the approximation of
SINR for the mth branch with a large number of BS antennas
can be expressed as

IngGmm
SINR,,= i , (19)
:ng > G + Mo
i=1,itm
with
Gij= [KD,ViZMT(K’{j’[)iliZM]%j; (20)

in which the elements of T are expressed as

[T1;j =(Dij + Dij)/Dj, 21

where

Dj=(1+2n;00,)*(N+1) + 40,0275,
(N+1)yP, j=i,
Dy={ v +v;-2 j=i.
(I+v; —27 )/2, else,

5o N0 % j=i,
T [nivien; Qey -2y +2mim Yol | ol else.

Here n; = [KU t]” + [K ]l ,;» and y_ are determined by the
parameters of IQI, Wthh are defined as

VP =L oé o VY =C0droééro,

Yy ==l —Ln—4n)—énén/2+1/2,

Yy =(@4—Dép+1,

Y =200E0[Lr0(Ero—E3) + 43 (23— E00)],
Yy =@l -Dén +2,

YA =Li0€00[4r0(3Er0—26,3) +24r3(26,3—E10)],

(22)

where
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Lo=E{1/(1+€52)3), 4,0 =E{1/(1+€5,1)7),

L =B{/(I+el D), 6 =E(1/(1+e5,)),

L2 =BleB2/ (14822, 4,3 =E(e5,2 /(143 .2)3),
&0 =Efcos(6}5,/2)}, &0 =E{cos(05, /2)}

én= {cosetn}fﬂ— {cos@ )

&2 =Efcos® 05}, &3 =Efcos’ (055,/2)},

Proof 3: See Appendix B.3.

Proposition 3 describes the impact of IQI on the SINR
per branch. We know that y. are bounded only by parameters
of IQI at the BS and UEs, irrespective of the number of
antennas at the BS. Therefore, when IQI only exists at the
UES, Gyums G = O(1) and Gy = O(3%),i # mym’.
Since feq is linear with N, we can easily find that the SINR
is bounded as the number of BS antennas or the BS transmit
power goes to infinity. However, when IQI only exists at
the BS, G = O( ﬁ), which means the SINR increases
without bound as N — co. Note that when the BS and the
UEs have ideal 1Q branches, the SINR increases without
bound as N — oo or Pgg — o0.

Taking proposition 3 into (15), we can obtain some
corollaries about the achievable rate as follows.

Corollary 1: When the BS transmits signals with ZF pre-
coding based on the estimated equivalent channel, as N —
oo, the average achievable downlink rate with IQI at the UEs
has the asymptotic property as

2M

. 1 "
lim R = Z: log, (1+ SINR®), (23)
i=
with
2
(Kb, 1 [Kg! 1ii + [Kp, L [KgL 1o
SINR® = ! ).
[Kp,rlii[Ky, liri + [Kp,, i [Ky , Jiri

The gap between the average achievable downlink rate in the
ideal branches case and the rate with IQI only at the BS has
the asymptotic property as

U, Pss 2\, U~ M
Y9+ [14+ (14202 iy}
: 0BS _ 37 o eq/ V37473
I\IJI_IEOAR =log, 511202 .
Y1 /(1+ Teq)

(24)

Proof 4: Since [T]; =O(1) and [T];; =O(%), j#i, (23)
follows directly from (15) and (19).
In the ideal IQ branches case, the achievable rate is
given by
(N-M) _Pss_ )
. (25)

2
Rldeal 10g2 P Mo
= o-eq +1+ 20'eq
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When IQI only exists at the BS, i.e. eE =0, =0, we have
Kp,, = K]‘Dlr = Ij and ; = 1 in (20) and (21). Based on
(19), the average rate with IQI only at the BS, R°®, can be
expressed as

(N+1)yP/(1 +202)

MI1+(1+202)y Y -2y )]+ M)

R°BS =log, [1+

which applies the approximation that y? +y§J —Zyy x 1+7§j—
2y}, Thus, the asymptotic property of ARBS = Rideal_ goBS
can be given as (24).

Corollary 1 shows that the existence of IQI at the UEs
limits the achievable rate to a finite ceiling, which is only
determined by the parameters of IQI at the UEs. Notice
that when IQI of UEs only has amplitude imbalance, the
achievable rate will grow without bound as N goes to infinity,
which reveals that the phase imbalance at the UEs plays a
more important role on the achievable rate. Moreover, when
the IQI only exists at the BS, the rate increases without bound,
which has a gap determined by the number of UEs and the
estimation error compared with the ideal 1Q branches case.
It means that the impact of IQI at the UEs is much higher
than that of IQI at the BS. Moreover, we know the IQI at the
UE:s is more serious than the IQI at the BS [11], which also
indicates the IQI at the UEs has more adverse influence on
the achievable downlink rate.

Corollary 2: With ZF precoding based on the estimated
equivalent channel in the uplink, the average achievable
downlink rate with IQI at both the BS and UEs has the
following asymptotic property as Pgs — oo:

1 X G
pim R=5 Zlog2 T | (26)
m=1 2 Gmi
i=1,i+m

Proof 5: The proof follows directly from (15).

This corollary reveals that the achievable downlink rate
converges to a finite ceiling as Pgg — oo. Notice that when
there is no IQI, we know that the ceiling of the achiev-
able rate depends only on the estimation error of the uplink
channel which destroys the orthogonality of the inter-user
reception when the ZF precoding technique is used. Here,
the difference between TX IQI and RX IQI at the BS also
contributes to the orthogonality destruction. As well, the
existence of IQI at the UEs introduces the interference from
the corresponding I or Q branch at the same UE.

4.2 Precoder Based on Wireless Channel

In Sect. 4.1, we consider the ZF precoder based on equivalent
channel, since it’s generally used in systems protocol with the
TDD mode. As mentioned above, the hardware impairments
of the TX and RX at the BS and TX and RX at the UEs are
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independent. The existence of IQI in the uplink still affects
the performance of the downlink, even though the TX and
the RX at the downlink have the ideal IQ branches. Thus,
we investigate the achievable downlink rate with ZF precoder
with the wireless channel to eliminate the impact of the TX
and RX IQI in the uplink. The information of the wireless
channel can be acquired by the estimator in Sect.3.2. The
performance of the receiver with ZF precoding based on the
estimated wireless channel can be easily obtained from the
analysis results in Sect. 4.1, by setting Ky, = Iy, Ky =
I and substituting o3, with 0. From the result in (23),
we can easily find out that the TX IQI at the UEs has a similar
impact as the RX IQI at the UEs. Thus, the ceilings caused
by TX at the UEs will be improved by mitigating the effect
of TX and RX IQI.

5. Numerical Results

In this section, we verify our analysis by simulations. In
all the simulation scenarios, we assume that the parame-
ters of the amplitude and phase imbalance, i.e., € and 6.
mentioned above, are drawn from Gaussian distributions
N(0,02) and N (0,07), respectively. When measured in
dB, o is computed as 20log;y,(1 + o). The signal-to-
noise ratio (SNR) for each stream at the BS is defined as
SNR= 10log((Pss Jo2). We adopt the discrete Fourier se-
quences with length T = 2M as training sequences, which
satisfy the assumption in Proposition 1. For different cells,
the values of the IQI at the BS and UEs are different. We
investigate the average performance of cells which have the
similar BS and UEs hardware implementations, i.e. the co-
efficients of IQI have the same distribution.

Note that in Figs. 1-7, four scenarios are considered as
follows, ideal IQ branches (red lines), IQI only exists at the
UEs (black lines), IQI only exists at the BS (blue lines), and
IQI exists at both the BS and UEs (magenta lines), which
are marked as “ideal”, “ue IQI”, “bs IQI” and “ue&bs IQI”,
respectively.

Firstly, we exemplify the impact of IQI on the ac-

10714 | I I I 10" N ‘
\ "
. ideal
3 ue QI
102h 102k bs IQl
ue&bs 1Q1
0%} ; 108 ¢ N
w w Sk
@ %) sy}
E \\\u E
-4
104 X 12 e — 10 \
110 k‘kp‘y ° Hyeq
\ Y x  H traditional
10° £1.05 > N 10%4 @ HknowiQl
*  H iteration 1
1 \ A H iteration 2
> H iteration 5
108 40 106
10 20 30 40 50 60 10 20 30 40 50 60

SNR|, [dB] SNR, [dB]
(a) (0e,00) = (1 dB,2°) (b) (oe,09) = (2 dB, 5°)

Fig.1  MSE of the equivalent channel and the wireless channel estimation
in Sect. 3 versus SNRy, for N = 128, M = 10.
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Average downlink rate [bits/s/Hz]
Average downlink rate [bits/s/Hz]
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Number of BS antennas Number of BS antennas
(a) perfect CSI (b) estimated CSI
Fig.2  Achievable average downlink rate versus the number of BS anten-
nas, M=10, SNR=20dB, (0, 0g) = (1dB, 2°).
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curacy of channel estimators proposed in Sect.3. Fig-
ure 1 shows the estimation error of the real-valued chan-
nel as a function of SNR in the uplink which is defined as
SNRy = 10log,((Pug/c?). For the estimator of the uplink
equivalent channel (marked as “Hy,eq”), curves of MSE of
the uplink equivalent channel overlap that of the ideal IQ
branches case in Fig. 1, and the estimation error is inversely
proportional to SNRy. It reveals that the impact of IQI can
be removed for estimation of the uplink equivalent chan-
nel, which coincides with Proposition 1. For the proposed
estimator of the wireless channel (marked as “H iteration
1/2/5”), the estimation error has a non-zero error floor at
high SNRs only when both BS and UEs have IQI, and the
floor can be lowered by increasing the number of iteration in
Algorithm 1. Taking (o, 09) = (2dB,5°) as an example,
MSE of the wireless channel is close to the floor when SNR
reaches about 40 dB, and the floor is close to zero when the
number of iteration times is 5. Compared with the traditional
method ignoring IQI (marked as “H traditional”), the supe-
riority of the proposed wireless channel estimation method
gets more obvious when IQI gets more severe. Moreover,
we find out that the performance of the proposed method is
close to that of the channel estimation with the perfect 1QI
information (marked as “H know IQI”’) that is under the re-
sult of “H iteration 5” in Fig. 1, when the number of iteration
times is 5, even with severe IQI. It should be noted that the
estimator with one time iteration is acceptable in practical
applications, because (i) it has lower computational cost, and
(ii) the improvement brought by more iteration times is small
when SNRy < 30dB and the higher SNRy; is not applicable.

Next, we evaluate the impact of the IQI on the achiev-
able rate of the system with the ZF precoding. Precoders
with the prefect CSI and the estimated CSI obtained by the
proposed methods in Sect.3 are investigated, respectively.
Note that we assume that the SNR in the uplink, SNRy, is
20dB, and the number of iterations used for the wireless
channel estimation is 1 in Figs. 27 since the improvement
brought by more iteration times is small. Simulation re-
sults of the precoders based on the uplink equivalent channel
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Average downlink rate [bits/s/Hz]
Average downlink rate [bits/s/Hz]
>

0 15 20 2 30 10 15 20 25 30
SNR [dB] SNR [dB]
(a) perfect CSI (b) estimated CSI

Fig.3  Achievable average downlink rate versus SNR, N=128, M =10,
(e, 09) = (1dB, 2°).

w N o =)

Average downlink rate [bits/s/Hz]
Average downlink rate [bits/s/Hz]

10 15 20 25 30 10 15 20 25 30
SNR [dB] SNR [dB]

(a) perfect CSI (b) estimated CSI

Fig.4  Achievable average downlink rate versus SNR, N=1024, M =10,
(0e, 09) = (1dB,2°).

[P

Hy,eq and the wireless channel H are marked as “o” and “+”,
respectively, and the solid lines represent the analytical re-
sults correspondingly. Meanwhile, the dashed lines denote
ceilings of the achievable rates. In the estimated CSI case,
we find out that the results of the proposed wireless channel
estimation is almost the same as the case with the perfect IQI
information (marked as “0”).

Average rates versus the number of BS antennas are
illustrated in Fig.2. We can find out that when IQI only
exists at the BS, the average rate increases proportionally
with the number of BS antennas, and compared to the ideal
1Q branches case, there is a gap determined by the number
of UEs as shown in (24). However, when IQI exists at the
UEs, the rate is limited to a finite ceiling derived in (23).
Meanwhile, when the number of BS antennas is limited, e.g.
N < 1024, the impact of IQI at the BS is more severe than
that of IQI at the UEs. On the other hand, when the number
of BS antennas goes to infinity, IQI at the UEs plays a more
important role on the performance degradation. The reason
is that IQI at one UE only affects its own signals of I and
Q branches, but the variation of TX and RX IQI at the BS
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Average downlink rate [bits/s/Hz]
Average downlink rate [bits/s/Hz]

0 5 1‘0 1‘5 20 0 5 1‘0 15 20
Number of UEs Number of UEs
(a) perfect CSI (b) estimated CSI

Fig.5  Achievable average downlink channel rate versus the number of
users, N=128, SNR=20dB, (o, 09) = (1dB, 2°).

Average downlink rate [bits/s/Hz]
Average downlink rate [bits/s/Hz]

o, [dB] o, [dB]
(a) perfect CSI (b) estimated CSI

Fig.6  Achievable average downlink rate versus the standard deviation of
the amplitude imbalance, N=128, M =10, SNR=20dB, o9 = 0°.

destroys the orthogonality of the inter-user reception, and the
destruction can be attenuated by increasing the number of BS
antennas. Finally, it is worth mentioning that the precoder
based on the wireless channel outperforms that based on the
uplink equivalent channel.

In Fig. 3 and Fig. 4, we illustrate the average rate as a
function of SNR for N = 128 and N = 1024, respectively.
It shows that IQI limits the average rate to finite ceilings
shown in (26), as the transmit power at the BS goes to in-
finity. Without doubt, the precoder based on the wireless
channel performs better than the precoder based on uplink
equivalent channel, since the former eliminates the impact of
TX IQI at the UEs and RX IQI at the BS. When the channel
estimation error exists, the effect of IQI is no longer promi-
nent, because the imperfect channel information leads to the
non-orthogonality of the inter-user reception. Comparing
IQI at the UEs with IQI at the BS, it is determined by the
ratio of the number of BS antennas to that of UEs which will
cause more serious performance loss. Figure 3 shows 1QI
at the BS leads to more significant impact on performance
degradation at high SNR, when the ratio is small. On the
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Average downlink rate [bits/s/Hz]
Average downlink rate [bits/s/Hz]
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(a) perfect CSI (b) estimated CSI

Fig.7  Achievable average downlink rate versus the standard deviation of
the phase imbalance, N=128, M =10, SNR=20dB, o = 0dB.

contrary, when the ratio is large, IQI at the UEs causes more
serious impact as shown in Fig. 4. It shows the same results
as in Fig. 2.

We know that the ratio of the number of BS antennas
to that of UEs plays an important role on the average rate of
MIMO systems. Thus, we investigate the average rate versus
the number of users for a fixed number of BS antennas in
Fig.5. Obviously, it shows that when the perfect channel
information is given, the impact of IQI at the UEs can be
ignorable compared with the change in the number of UEs,
since IQI at one UE only affects the performance of the
receiver itself. In other cases, the rate decreases rapidly with
the number of users. It is because the orthogonality of inter-
user reception is weakened by channel estimation error and
1QI at the BS.

Furthermore, we focus on the effect of the amplitude
imbalance and the phase imbalance on behaviors of the sys-
tem performance. In Fig. 6, we evaluate the average rate as a
function of the amplitude imbalance with the matched phases
between I and Q branches. It shows that the performance
degradation of the system is more sensitive to the amplitude
imbalance at the BS than that at the UEs. The reason is
that the amplitude imbalance mainly affects diagonal ele-
ments of IQI matrices with phase balance, and in this case,
I and Q branches at an RF chain have no inter-branch inter-
ference. Thus, the mismatch of TX and RX at the BS has
more impact on the performance [9]. It needs to be pointed
out that when the precoding matrix is design based on the
estimated wireless channel, the simulation results have some
deviations from our analysis results, especially for situations
where the amplitude imbalance is very serious. It is because
the estimation error is evident when the amplitude imbal-
ance is too severe. In Fig. 7, we evaluate the average rate as
a function of the phase imbalance with the matched ampli-
tudes between I and Q branches. Obviously, the average rate
is more sensitive to the phase imbalance at the UEs than that
at the BS, since the phase imbalance leads to inter-branch
interference at an RF chain. When IQI only exists at the
BS, the inter-branch interference can be reduced with the
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large scale antenna array. However, for IQI at the UEs, the
inter-branch interference always exists, because the received
signals of I and Q branches at the UEs are interfered with
each other.

6. Conclusion

In this paper, we have studied massive MU-MIMO systems
with IQI at both the BS and UEs, operating in the TDD
mode. The uplink equivalent channel estimation with the
LS criterion and the wireless channel estimation based on
the estimated uplink equivalent channel were provided. We
also analyzed the impact of IQI on the achievable average
rate of the downlink of the system with widely-linear ZF
precoding based on the estimated channel, and derived the
closed-form expression of the rate. Analytical and simula-
tion results demonstrated the effectiveness of the proposed
estimators of the uplink equivalent channel and the wireless
channel. We prove that the achievable average rate of the
downlink is limited to a finite ceiling determined by the pa-
rameters of IQI when the transmit power goes to infinity.
With the growth of the number of BS antennas, the widely-
linear ZF precoding ensures that the rate increases without
bound if IQI only exists at the BS. However, the rate of the
system with IQI at the UEs still exhibits limitation deter-
mined by the parameters of IQI at the UEs. Moreover, the
impact of the amplitude imbalance at the BS and the phase
imbalance at the UEs is a more significant determiner of
system performance than other imbalance. Obviously, the
precoding based on the wireless channel can provide better
performance than that based on uplink equivalent channel,
since the former eliminates the impact of transceiver I1QI in
the uplink. There still exists several open topics, such as
investigating the impact of IQI on other widely-linear pre-
coding methods, adopting more practical channel models,
designing optimal training sequences, and analyzing the en-
ergy efficiency of the proposed massive MIMO system.
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Appendix A: Old and Application-Related Results on
Random Vectors

Lemma 1 ([22]): Assume that the elements of x,y € CV*!
are i.i.d complex Gaussian random variables with zero-mean
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and unit variance, and A € CV*¥ is a Hermitian matrix with

bounded spectral norm, and is independent of x and y. Then,
there are

(1) LxAx T:TJ Ltr(A),
L H a.s.
(2) yx7 Ay o 0,
3) E{l4xAx - L (AP} = O(F)

where ‘a.s.” denotes almost surely convergence, i.e. conver-
gence with probability one.

Lemma 2 ([9]): For full column rank matrices A =

[afl,---,akh,]", B = [by,- -, bas], where a, by, € CV¥1,
it holds that
o, det (BB
ABBB) !, = ———= _~ A-1
[AB(B"B)™); = — gy (A1)

and

T JTpi R Tylpi T
[AB(BPB)' 2 = det(a" @; —@;B; (By By, ) Bdela’i>
= T - — ,
det(ﬁjﬁ J _ﬁ J Bfie{ (BilelB{ie{) leielbjI")
(A-2)

where leg = [bl, b an b, bM] ,a;=aB,y; =
T _Rp/T o

b7 B, B; =B} B, and B} =[bi,--- b1, b, by ).

Lemma 3: When the number of antennas at the BS goes

to infinity, the derivations of characteristic of h! K, Ku,,h;

and hiTKg . Ku,-h; can be approximated as

1 5
KD Ko hh[KE Ky by —= (N+1)y7,

1 5.
Nhl.TKITJ’rKU,rh,-hJT-KITJ’rKU,rthL:? (N+1),

1 B
NhiTKE,tKU,rhith{j,rKU,rthi:? (N+ l)yllv[.
(A-3)

Proof 6: With the expressions of KD: ¢ and Ky, defined in
(3) and the definition of Ky, . and K, ,i = 1,2,3,4 in (4)
and (5), we observe that ' ’

diag(aj+ajp) diag(az—az)

K}, tKU,r=[ . .
’ diag(az1+azy) diag(aj;—ain)

] ; (A-4)

where

I BS _ pBS BS , oBS
et, n_ er, n BS BS gt, nt 6?r, n
[a11]n= an |[cOS| ———— €., €., cOs| ————

b}

2 2

[ BS _ gBS BS 4 pBS
_ BS gf,n_er,n BS 9[,n+9r,n
[a2]n= an|€;,, cos — €, COS 5

[ BS BS BS BS
. Gt,n+6‘r,n B BS . Gt,n_er,n
[a21],= a, |sin 5 €1 pn€pp SIN —

[ BS BS BS BS
_ BS . gt,n_ er, n BS . et, n+ er, n
[ax],= an| €y, sin| ————|-¢€,", sin| ———
’ 2 ’ 2
n = 17 e 9 N’

[l

>
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in which a, = 1/\/(1+efiz)(1+efﬁz). Since the parame-
ters of IQI are small, Kg /Ku,» can be approximated as a
Hermitian matrix.

Similarly, the expression of K[TJJKUJ is given by

diag(1 + a;)
diag(ay)

diag(ay)

diag(1 —a;) |’ (A-5)

K{I,VKUJ’:[
where [a;],,= ZErB,Sncos (9125" )/( l+e}r3,sn2), and [a3],=sin (9125").
With the help of Lemma 1, there are

] T a.s. ]
A0 )

1 a.s. 1 1
—h! An; — |3tr(A?) — —tr*(A
Var(N ; l)m N2 [3tr( ) 2Nt1’( ),
where A representsK{ Ky, orK{; Ky,

Since A can be approximated as an unit matrix,

2

ﬁtr(Az) ~ [ﬁtr(A)] for the large number of BS an-
tennas. Based on expressions in (A-4) and (A-5), when
N — oo, there are ygtr(K Ku,) ~ Effai],} and
s tr(K Kuy,,) = 1. Thus, (A- 3) can be easily obtained.

Lemma 4: When N — oo, the derivations of characteristic
of W/ KI Ky, hy and h' K], Ky, h; can be expressed as

1 ror Ty T a.s. 7]2)’ j=ii,
Nhi KD’IKU,rhi’hj KD’IKU,rhj’ N—)

0, else,
U 7ot TiT as. [v3h J=ii,
Nhi Ky, Ko by Ky, Ky 272 0, else,

1hTKT Ky, h/hTK” Ky, hy —2 vy j=id,
N i DU By, e U T 0, else.

(A-6)

Proof 7: Let A represent Kg Ku,r or Kg Ky, and rede-
A A,

— thT WTIT _
fine h; = [h, . h;.]", A = Ay Ay

rio N , where A; is the

diagonal matrix. Thus, there is
h! Ah; =—hk;Ah;; —h) Ash;+hk Ashg+h] Ashg;.

For j =i, since hg;, and hy; are i.i.d., with the help of the
law of large numbers, we can obtain that

1
Ih! Ah;|? ~ i [trz(Az—A3) +tr(2(A§+A§)+(A1—A4)2)] .

Based on (A-4) and (A-5), there are tr(2(A§+A§)]\H—°°>0,
and

KD Ky, hy P25 NE([ap a0 12,

IWTKT Ky, hy 225 NE([a) a2

Similarly, we can obtain that
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h/K{ Ky, hyh!/K{ Ky, h;
N—oo
—— NE{[ai2]n[a1 ], Hazi]u[a2], ).

With the expressions of a., y; given in (22) can be acquired.
For j = i’, since A can be approximated as a Hermitian
matrix, the result is very close to the case that j = i.
For j # i,i’, since hg;, hy;, hg;, and hy; are ii.d.,
N>
h] Ahyh? Ah; ~ 12 (A —A3)——0.
Thus, (A- 6) can be proved.
Lemma 5: When N — oo, the derivations of character-
istic of hiTKg’IKU,rhj and hl.TKﬂrKUth, Jj #1,i’, can be
expressed as

1
—h'K] Ky,h;h!K] K rh
N D, XU D+ U T 0, else,

{2,(s HeL,

1

s
_hTKT KU rh hTKUrKU rhl ___>{ 2 (S, I)E-L’

N N—oo 0, else,

1 .
HTKE Ky, bl KE Ky, by < T (sheL,
N—eo | (), else,

(A7)

where the set £ = {(i, j), (i, '), (j, D), (G, i")}.

Proof 8: Let A, B representK! Ky, orK{, Ky, and re-
define h; = [hT " h ]T and

A A,
A; Ay

B; B

A= B; B,

where A;, B; are the diagonal matrices. There are
h! Ah; =h%, A hg;+h) Ashg;+hk Aohy; +h!Ashy;,
h!Bh;=h% Bihg;+h! Bshg;+hk Boh;+h! Bshy;.
For (s,1) = (i, j), since hg;, hy;, hg;, and hy; areii.d.,

with the help of the law of large numbers, there is

N
h! Ah;h! Bh, ~ (A1 +A2B) +A3Bs + AsBy).

Based on (A-4) and (A-5), we can obtain that

N—co N
Ih; K, Ko hiP— ==,

N
WK, Ky, by PSS S B+ [an o+ (@],

h/ K, Ky -hjh! K Ky, h;

N—>oo

N
—>EE{[31 1ln+lanlalar] (a1 ]n[az2]0).

Taking the expressions of a. into the results above, the ap-
proximation in (A-:7) for the case (s,/) = (i, j) can be ac-
quired.

For (s,1) = (i’, j'), we can similarly obtain that

N
h! Ah;h}Bh; ~ 7 (AIBs-AsB3-AsBy +A4B)),
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which results in the approximation in (A-7) for the case
(s,1) = (i’, j’) by substituting the trace of matrices with the
expectations of entries of the corresponding matrices.

For (s,1) = (j,i) and (s,I) = (j’,i’), they are very
close to the cases (s,1) = (i,j) and (s,[) = (i, j"), respec-
tively, since A and B are Hermitian matrices or very close to
Hermitian matrices.

For (s,1) ¢ L, they can be easily approximated to 0
with the law of large numbers. Finally, we can prove the
approximation given in (A- 7).

Appendix B: Collection of Proofs
B.1 proof of Proposition 1
= 0, there is Sy:SL =

P _ o
=ty ie. (S"Str) = P_UE12 v . The element of estimation
error matrix can be rewritten as

Since Str CSH c = PUEIQM, Su— CStr ¢

2
[Acqlnm = =—[Ku,r1n-Vu,ulSul,.
Pug

2
:P_ ([KU r]nn [VU tr]n +[KU r]nn [VU tr]n ) [Slr]gq.,
UE
(A-8)

where the second equation follows the form of Ky ,. The

variance of [Aeqlum, n = 1,-+- ,2N,m = 1,--- ,2M, is ac-
quired as
2 0-2 2
Oeqnm = P_UE”[KU,r]n-”F, (A-9)

since E{[VU,tr]Z-[VU wln-} = {[VU tr] [VU wln ) = (TTIT»
E{[Vu.ell [Vuule.) 0, and [Seln.[Selh,. = D&,

Thus, we can easily obtain the average estlmatlon error
as

2M 2N

O-Z,q IN - ZMZZO-eqnm

m=1 n=

which can be expressed as (12) based on the property that
1Ky, 1 117 + 1Ky Il = 2.

B.2 proof of Proposition 2

Define H = [hy,---
can obtain that

> hopr], Aeq = [6eq,], t ,6eq,2M]- We

2 T
{6eq i0 O'quU,rKU’r,

eqt}_

1
_KU,rK{]’ra

E(Ku, hhi K(, )} = 5

which mean that HTKE .Ku,-H and AeTquq can be treated
as Wishart matrices.
Using Lemma 1, we collect properties given by
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Nooco |
by K{), Ko, b —— S (K Ku)),

N —o0

h.TKT Ky, h; ——0,

67 6eq i —)tI‘((KU rKU r))o-

eq,i eq’

N—o0

6eqzé‘eQJ —0.

Based on the estimator of the equivalent channel, I:IU,eqz
Hy,eq +Aeq. With the help of the properties above and the
properties of the Wishart matrix [23], there is

tr (A, o Flu.e) ™)
= tr ((K{, H'K{, Ky, HKy, +AL Ac) ™)

N tr (KT, Ky +202,Tom) ™)
N-M w(K{; Ku,r) '

By combining the formula with the expression of Ky, and
Ku,r, (17) can be achieved.

B.3 Proof of Proposition 3

From (18), the expression of the matrix G can be rewritten
as

G=Kp, Ly GK] ) 'Ly, (A-10)
where

Hp=H"K], ., Hy =Ky H,

G =Hp (Hy+Ac K{,) (H Hy+ (K[} )AL A Ky ™.

Redefine matrices

T T
HD_[hD]a""hD,zM] 3HU:[hU,l3"',hU,2M]3
-1 ~ ~

Hy = Hu+AeqKy, = [hu1, -+, huaml,
Al' A A A A
chhg =[hy,, -+, hy i, hp i, by, - - Jhuom],

ot

PR . . .
H, =lhyy, - hy g, hy g, huoad

With the help of Lemma 2, the entries of the matrix G
in (A- 10) can be expressed as

v

Gl det(H] " Hy)  det ([e;, @)

chg

(A-11)

det(HIHy)  det ([4,.@),])
where @] = hj, JHy -6, j)Hhl} Hy, ¢ = f‘ajﬁU’ (DﬁelT =
H{jelTHU and
0, i=j
5. ) =
(-7 {1, else,

which will not change the determinant of I:IglgTICIU since ¢;

is a column of<I)’ Jif i #].
According to the properties of block matrices, there are
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T o; g/
e ()| o 1%

del del ™ del
= pij det (@[ ®],).
and
Tep. Tcp’
e (8.4 ) e | 12 21% ]
(I){iel ¢] (I)del (D
= 'Bj det (q){iel (I)ilel)
where
T 1T
ﬁ‘J _a @i —a; (I){iel(q){iel (I){iel> (I){iel @,

_ 4T T &/ JTas \~ JT
Bi=¢;¢;-9; (Ddel(q)del ‘Ddel) @ 8-

When N — oo, we can get approximations as

lim —hT Jhy, =1+ 2507

N q’.:ls"'szM’

lim Nﬁﬁiﬁw =0,i# j,i,j=1--,2M.

N —o00

o7

The approximation of (Déel ((D{iel d){iel) lal is given as
] T _ 40.j
hm (I){iel (q){iel (I){iel) (I){icl IZM’
where Iy 1(4 stands for the identity matrix whose jth diagonal

element equals to 0, and there are
Tyl T N )
Bij = a; 121{,10’1' = |hp ;hy j—6G, Hhy hu ;1%
TyLj 4 _ T §. 2
ﬂj ¢] 12M¢j - |hU’jhU,j| .

where I;I{I =Dy - Ig’,{;,. Thus, the square of [(V}]ij can be
approximated as

_detz([al,(l)éel]) L -6, )HRT hU,|2
U el (¢, 00, ]) IR o ;2

(A-12)

Since entries of H and A.q are independent, when N —
00, based on Lemma 3, Lemma 4 and Lemma 5, we obtain
approximations as

|ﬁlTJ,iﬁU,j|2
NI(N+D)(1+2n;02, )% +4n ;02,79 .
Nj0eq Mj0eqY3 LJ=i
a.s. ) )
—>N—>c>o N[)’g+(m+n] +2ni7]j0'§q)’y¥o'§q], j =i

NI 12+ i+nj+2nimjoe)ysoe),  else,
N(N +1yp, j=i,

Nyp, j=v,

N/2, else,

a.s.
hl hy > —
by, ;b N oo
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Applying Lemma 4 and Lemma 5, there are

T 1, 2 T 2 2
|hD,ihU,j (s |hD,ihU-j | 10 eq
NyY, j=i

T A BT B~
hp ;hy jhy hy N7§4(1+477j0'§q)/2» else,

Based on the approximations above, [(v}]?j in (A-12)
can be further approximated as

[G]Z a.s. Dij j‘ Dij.
ij N—oo D;

Here G=Kp Iy (V}(KlTL )~y is used to calculate the gain
of signal, and [G];; is determined by the approximations of
[Glii, [Gliir, [Gyi, and [Gly . Taking terms [Gl;;, [Gli» for
example, even though the cross term [(}]ii[(}] ;i is not equal

to 4/ [é],-,- [(V}]l-l-/, the difference between them can be ne-
glected, since the law of large numbers can achieve an accu-
rate approximation of [G];; when the number of BS antennas

goes to infinity. Thus, the approximation of matrix of ,/[G] ?}.

is denoted as T, and then the approximation of the power of
the interference from the jth branch at the ith branch can be
approximated as G;; = [KDJIZMT(K{] ,)_lle]?j given in
(20).
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